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Introduction1 

 

Forward-looking expectations play a crucial rôle with demand and supply in the determination of 

house prices. Most articles with empirical investigations of the housing market can only include 

expectations as a backward-looking conceptualisation of the general price level and not the expected 

future values of the housing price (Meen, 2000). The relevant literature is limited when it comes to 

this field of study because it has not benefitted from the academic attention it deserves, even though 

there is a strong link between forward-looking expectations within the housing market and the state of 

the economy (Muellbauer and Murphy, 2008).  The boom and bust cycles of rising and falling house 

prices have occurred on numerous occasions in the past (Garino and Sarno, 2004). One of the main 

factors which drove the latest recession was the expectation of falling house prices, which reflected 

the shortage of mortgages and credit offered by lenders, sparked by the U.S.A. sub-prime crisis.  

 

There are some strong parallels between the situation developing out of 2007/08 leading to the “Credit 

Crunch” and the causes of the Great Depression: high levels of personal borrowing, the drop in share 

prices on Stock markets, house price bubbles bursting in the midst of overconfident in bank lending, 

inducing a rise in “toxic” (or bad) debts.  

 

In the 1981 recession, house prices experienced a downturn along with the industries that supplied 

this sector. In other words, the boom and bust cycles of rising and falling prices have occurred on 

previous occasions in the housing market (Garino and Sarno, 2004), in particular during and after 

Lawson’s Boom in the late 1980s. There had been a wave of deregulation in the banking industry, as a 

result banks rushed into housing and speculative lending. By 1992, the number of bank difficulties 

was steadily rising, resulting in recession (Muellbauer and Murphy, 1997).  

                                                            
1 The writers would like to thank Dr Nicholas Tsitsianis and Dr Timothy Parke for their constructive comments 
made on the content of the paper as well as Joshua Miller of the RICS for supplying the data. 
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Furthermore, housing equity withdrawals, which depend on house prices, boost growth from wealth.  

In the 1990s and the early part of the 2000s this played an important part in amplifying consumption 

expenditure (Greenspan and Kennedy, 2008), although Attanasio et.al. 2009 argue there is no 

evidence of this relationship. According to Goodhart and Hofmann (2008), there is an association 

between the medium of exchange, borrowing, residential prices and economic activity in advanced 

economies over the past three decades.  

 

Given the possibility that recessions could begin spontaneously as a result of the self-fulfilling 

prophecy that comes from expectations of falling house prices, this paper theorizes and explains their 

formation. The theory is then applied to the Survey data on expectations of house prices over the next 

three months provided by The Royal Institution of Chartered Surveyors (RICS) 2 in conjunction with 

the actual observations provided by the Nationwide Building Society and the Halifax, which are 

explained in the next Section. The theoretical approach adopted in this paper is derived from 

Bywaters and Thomas (2008, 2009).   The Final Section of this article will report on the empirical 

findings and implications of the econometric study with the favoured forecasting model. The paper is 

not concerned with any fundamental determination of house prices, but with expectations of future 

house prices, and their role in UK government housing policy. 

 

 

 

 

 

                                                            
2 For an overview discussion of the Surveys see “Understanding the RICS Surveys”, RICS Economics, June 
2008, available on the following website: www.rics.org/economics. 
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The Data 

 

There are several sources of data on actual house prices in the U.K., in particular mortgage suppliers 

such as the Halifax3 and the Nationwide4 as well as the Land Registry5. The Financial Times House 

Price Index6 is based on the information recorded at the Registry.  These give rise to four sets of 

indices giving estimates of actual movements in residential prices. The Nationwide and the Halifax 

house prices are derived from standardised indexes based on a basket (or mix adjusted); thus they 

follow representative house prices, which are weighted over time, using data extracted from monthly 

mortgage information (or lending), meaning that the sample size varies from month to month. The 

Land Registry derives a price index based on information provided from completed sales, and 

therefore lags behind the mortgage lenders’ observations of the market. Furthermore, the method of 

calculation adopted means that the source can be influenced by a change in the mix, namely the 

proportion of different types of housing as well as the locations. In the case of the Financial Times 

Index, it is smoothed and seasonally adjusted.  

 

The Nationwide and the Halifax produce very similar series because the statistical methods employed 

are comparable. In general, in both cases, the first step in the process of estimation is the calculation 

of the weights in the base period.  The second one is to use Ordinary Least Squares to derive the 

coefficients on the qualitative (type of dwelling, region, et cetera.) and quantitative (age of property, 

number of liveable rooms, garages, bathrooms, and so on.) explanatory variables that explain the price 

for all periods, including the base.  The third step is to calculate the base-weighted index for the 

current period.  

                                                            
3 See website www.lloydsbankinggroup.com/media1/research/halifax_hpi.asp for a discussion of the Halifax 
“Index Methodology” and “Technical Details.” 
4 For a discussion of the “price methodology” see www.nationwide.co.uk/hpi/methodology.htm. 
5 See website www1.landregistry.gov.uk/houseprices/housepriceindex/. 
6 See website www.acadametrics.co.UK/ftHousePrices.php. 
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The Nationwide has the longest series, dating back to 1952 in the case of quarterly observations, with 

monthly observations beginning in 1991. The coverage includes thirteen regions as well as the whole 

of the U.K for various categories of houses. In the case of the Halifax Price index, it is the longest 

running monthly house price series, dating back to 1983, covering the whole of the U.K. with various 

categories of physical characteristics and location. Once again, the sample is derived from monthly 

mortgage data. The Land Registry monthly index starts from January 1995, which also determines the 

starting point of the Financial Times Index, although a statistical model generates monthly estimates 

of past values from 1971 to 1994. 

 

The Halifax and the Nationwide indices are not fully representative of all U.K. prices and entail some 

bias because there are other mortgage providers within the economy. They are, however, large-scale, 

‘standardised’ data sets of the lending leaders within the mortgage market, and therefore, are 

comparable ‘indicators’ of price behaviour taking place throughout the U.K. housing market. They 

provide information on price movements that is typical of all transactions financed by various 

mortgage lenders. Clearly, a more comprehensive index that takes into account all lenders of 

mortgages as well as their shares (or weights) of the total lending, but this is not feasible given the 

state of information available within the housing sector.  

 

The mortgage lenders’ series of actual prices provide the longest run of monthly statistics, not 

seasonally adjusted, and therefore, are the actual data sets adopted in the empirical investigation. 

Using non-seasonally adjusted data in this context avoids introducing serial correlation when 

assessing the forward- looking expectations provided by the Royal Institution of Chartered Surveyors 

(RICS), which is an independent, representative professional body, regulating property professionals  
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and surveyors in the U.K. and other countries7. These agents have expert knowledge of the housing 

market because they offer advice on mortgage valuations, and provide various surveying and 

auctioneering services to buyers and sellers. They are at the forefront of the market in providing 

survey information on a number of leading variables such as price, sales and stock that can be 

formulated by the Institution into meaningful data. 

 

Figure 1: Forward-looking Growth Rate 

 

The Survey provides an indication as to where the actual economic observations may be heading in 

the future, which is shown in Figure [1] above, exhibiting the peaks and troughs in the housing market 

price. This depicts the logarithmic growth of nominal Halifax house prices from one month ahead to 

the fourth month ahead, that is over three months. The highs and lows in ‘affordability’ of housing, 

namely the change in the Price Earnings Ratio are revealed in Figure [2] overleaf and measured from 

the ‘standardised’ average price of housing divided by the national average (or mean) earnings of full- 

                                                            
7 RICS is an institution in the U.K. housing market performing a similar function like the rôle of the 
Confederation of British industry (C.B.I.) in U.K. manufacturing industry. 
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time, male workers8.  In the empirical study conducted for this paper, it is shown that the forward-

looking, adjusted ‘ups’ (or ‘downs’) of the price survey are a useful guide to forthcoming changes in 

the major house price indices of the mortgage lenders because of the diffusion process  operating in 

the housing market.   

 

 
Figure 2: Growth of the Price Earnings Ratio 

 

The Theoretical Model 

 

The formation and spread of forward-looking expectations of the price direction within the housing 

market can be modelled on the basis of bounded rationality and the inter-dependence of agents, or 

described as a process of diffusion. The majority of agents may seek to minimise costs of obtaining 

expectations by relying on forecasts formed by others. For example, estate agents may have few or no 

resources available for gathering and processing economic data into meaningful statistics.  

                                                            
8 This is not used in the subsequent analysis. 
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Those agents with the resources to form expectations from the available, imperfect information are 

likely to be the ‘alphas’ of the ‘pack’, by analogy with wolves. In this case, they are a small number of 

professional, chartered surveyors who possess the knowledge of the housing market and are part of an 

institution that can get their expectations published in the media. These are expectations of the change 

in direction of  price )( AP  in period t for 1+t in the form of either ‘up’, ‘down’ or ‘same’ over the next 

three months, that is ,1,
A
ttP + based on the available information set, ,I  at period ,t namely 

),/ˆ( 11, tt
A
tt IPP −+ =                                                                  [1] 

where 1ˆ
−tP  is the actual price growth from the previous period. There is, however, a firm linkage 

between the surveyors and some estate agents because the expertise of the latter will form part of the 

information set of the former on account of their unique place at the forefront of the market in 

negotiating prices of residential properties between buyers and sellers. 

 

This ‘alpha’ group, however, is small relative to the majority of agents, which means that the 

distribution of expectations will initially be slow on publication to the media by the Institution, 

followed by a sudden increase in speed as the majority of smaller, estate agents convert to the change 

in predictions in an adaptive manner. This asserts that the ‘followers’ of the ‘pack’ will formulate 

expectations from the ‘alphas’ by the extent to which their prior predictions have now changed. For 

example, a simplified version could be 

),10(),( ,11,,11, ≤≤−+= −+−+ λλ A
tt

A
tt

A
tt

F
tt PPPP                       [2] 

where λ  equals the expectations coefficient of the ‘followers’, which translates the fraction of the 

extent that the current expectations have now changed for estate agents, adding to the previous 

period’s price to form the expected value in period t  for .1+t This is followed by a slow-down as the  



 

 

9 

 

mortgage lenders fall into line, adapting to the majority’s expectations of the future price, specifically 

in the form of 

F
tt

N
tt PP 1,1, ++ = α                                                                                  [3] 

This sequence of dispersion of the initial expectations formed by the ‘alphas’ and the degree of 

interdependence implies a non-linear process of diffusion, which can be captured by the logistic 

function denoted as follows: 

.exp1
1

)ˆ(
1, 10

−
+−

+ ⎟
⎠
⎞⎜

⎝
⎛ += PA

ttP ββ                                                             [4] 

The expectations of the ‘alphas’ should, at some stage, digest into the actual data of mortgage 

lenders, .P̂  In fact, the expectations will be related to the true rate by a proportional coefficient, 1β  

and a constant, .0β  Following the procedures outlined in Bywaters and Thomas (2008), the algebraic 

manipulation of expression [4] leads to the, possibly over simplified form, of 

.ˆ
1

10
1,

1, P
P

P
In A

tt

A
tt ββ +=

⎟⎟
⎟

⎠

⎞

⎜⎜
⎜

⎝

⎛

− +

+

                                                                      
[5] 

Expression [5] is the logistic format that captures the diffusion process that is represented by a 

Sigmoid (or S-shaped) curve, although in the empirical section of this paper, which follows later, a 

less restrictive form of [5] is used to capture the statistical dynamics embodied in the data sets 

employed, namely equation [6], on page 11.  

 

Once predictions are announced to the media by the RICS, expectations will spread slowly because of 

the presence of uncertainty amongst numerous small estate agents, but at an increasing rate until the 

point of inflexion is reached, after which the rate of change of conformity declines as the process 

diffuses into official data sets of the mortgage lenders and the land registry, which in turn affects  
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sellers’ and buyers’ asking and offering prices. The next section of this paper takes this analysis of 

diffusion and attempts to explain the empirical regularities of self-fulfilling expectations that lead to 

the actual observations of the housing market that give rise to cycles of economic activity within the 

economy. 

 

Empirical Estimation of the Diffusion Model 

 

A logistic model of expectation diffusion is estimated here using the RICS data on future price trends 

of the housing market. The percentages of ‘ups’ ⎟
⎠
⎞⎜

⎝
⎛

+
UA

ttP ,
1, or ‘downs’ ⎟

⎠
⎞⎜

⎝
⎛

+
DA

ttP ,
1, can be employed to quantify 

this non-linear process, but only if the proportion of the ‘sames’ ⎟
⎠
⎞⎜

⎝
⎛

+
SA

ttP ,
1,  is constant  within the Survey, 

otherwise the end results will differ between ‘ups’ and ‘downs’. Given that the ‘sames’ have changed  

considerably over the time period, it is therefore necessary to make an adjustment. The ‘ups’ and 

‘downs’ can be normalised so they sum to one (or hundred), by calculating SA
ttPZ ,

1,1 =−=  to derive the 

adjusted variables ZPu UA
ttt
,

1, +=  and ZPd UA
ttt
,

1, += . Then, either normalised variable can be used in the 

empirical analysis, because each gives perfectly symmetric results. 
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Figure 3: S-Shaped Curve 

 

If the adjusted ‘ups’ are plotted against the three-month, forward-looking house prices derived from 

the Nationwide observations in a scatter diagram, as in Figure 1 above, then it can be seen that the 

non-linear S-shaped path of diffusion manifests itself within the data sets in the form of a Sigmoid 

curve. This suggests that the theoretical discussion may well be along the correct lines of thought and 

should be in the form of expression [5] within the empirical analysis. 

 

The difficulty, however, is that the expectation series of the adjusted ‘ups’ contains zero values, and 

therefore, cannot be logged as in the form of [5] on the right-hand side. To overcome this problem, the 

zeros were put to 0.005 and the ones reduced to 0.995 so that the logistic variable can be derived and 

the statistical analysis continues along the theoretical lines discussed in the previous Section. 
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The statistical study employs the Hendry methodology of general-to-specific, and therefore requires a 

less restrictive form of expression [5]. In fact, the Taylor expansion in conjunction with the odds 

format [5] justifies the following approximation with a residual term. This captures the ‘memory’ 

embodied in the data sets that drives the short-run dynamics of the lag structure prevailing in the 

housing market. It arises from the interaction of demand and supply determining the future direction 

of the rate of growth of monthly house prices, namely 

,ˆ
24

0

24

1
0 tjt

j
j

i
itit PLuLu εβαβ +++= −

==
− ∑∑

                                                        [6]
 

where tLu  represents ( )tt uuIn −1  formed from the future adjusted ‘ups’ supplied by RICS, tP̂  denotes 

the three-month forward-looking growth rate of the mortgage lender’s official unadjusted house price 

series in the form of ( ).14 ++ − tt PP   In the first instance, the official data used is from the Halifax 

database. 

 

The general form of [6] was simplified by imposing restrictions and removing insignificant variables, 

using formal t-statistics as diagnostic tests, while lowering the standard error of the regression and 

improving performance against the selection criteria. The restricted model overleaf in Table 1 

represents the forward-looking, diffusion model. The 2R  is the multiple correlation coefficient with he 

adjusted one denoted by ,2R σ  is the estimated standard error of the regression, DW  is the Durbin-

Watson statistic, AIC  is the Akaike Information and SBC  is the Schwartz Bayesian Criterions, LL  

represents the log-likelihood, RRS denotes the residual sum of squares and T  is the number of 

observations used in the estimation.  
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Table 1: The Estimated Diffusion Model with Halifax Data Set 

Dependent variable: tLuΔ  
Time Period from 2000 M:5 to 2008 M:12 

Regressor Coefficient Standard error T-Ratio 

Constant -0.19708 0.14189 -1.3890 

 -0.16293 0.031621 -5.1524 

  0.26941 0.050563  5.3282 

 -0.40915 0.087741 -4.6632 

  0.28724 0.075959  3.7815 

 -0.11741 0.047532 -2.4701 

  9.0313 2.3299  3.7863 

 -15.5266 3.5938 -4.3204 

  16.1276 3.5709  4.5165 

  1.8379 0.33903  5.4210 

Dummy variable, ,1D for 2004: M9 =-2, 2004 M10 =1 and 2004 M12=1, otherwise zero. 

.104,3784.62,9887.120

,2106.144,9887.130,1376.2,81462.0,559710.0,59818.0 22

==−=

−=−=====

TRRSLL

SBCAICDWRR σ
 

.0078012.0:,4439.0:,0526.1:,0615.12: 12112 ==== χχχχ DCBA  
 
A: Lagrange multiplier test of residual serial correlation, 

B: Ramsey’s Reset test using the square of the fitted values, 

C: Based on a test of skewness and kurtosis of residuals, 

D: Based on the regression of squared residuals on squared fitted values. 

 

 

The diagnostic statistics in Table 1 are shown above and suggest a statistically well-defined model. 

The restrictions increased the AIC and SBC statistics along a fall in standard error of the equation and 

the residual sum of squares, when compared with the general model. The dynamic process embodied 

in the equation suggests a complex diffusion over a time span of twenty periods, although the most 

important theoretical variable when compared with expression [5], tP̂  on the right-hand side of [6], 

has the required positive value. Also, the summation of the values on the official coefficients is an 

overall positive one. The estimates of the dependent variable have a vital function to play in acting as 

an error correction process, stretching back nineteen months. The next task in the empirical analysis is 

to re-estimate the model with the substitute data set, the Nationwide. 
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Following the same procedures as before with the other data set substituted into the empirical 

analysis, the estimation leads to the restricted model Table 2 overleaf. Both models have similarities, 

although the function of the dependent variable on the right-hand side of the equation in Table 2 is  

reduced to one lagged variable, but the official growth rate picture is much more complex in terms of 

the short-run dynamics and the lag-structure, which is a mix of positive and negatives on the lagged 

values. The summation of the values, however, gives rise to an overall positive effect with the pivotal 

role for 1ˆ
−tP
 
in the model, which is the case suggested by the theory in [5].  

 

Moreover, if the sample period is reduced in Table 2 to aid comparison between the models derived, 

the Nationwide one seems to be slightly superior in terms of the 2R  equalling 0.6300 and the 2R  

coming out at 0.5852, with a reduced standard error of the regression at 0.7009. The AIC is reduced 

further to -128.6910, but the SBC is somewhat higher at -144.5573. Clearly, it is difficult to choose 

between the two models at this stage, and therefore the analysis in the next section of the paper 

considers their forecasting properties, starting once again with the Halifax model. 

Table 2: The Estimated Diffusion Model with Nationwide Data Set 

 Dependent variable: tLuΔ Time Period from 1999 M:12 to 2009 M:2 
Regressor 
 

Coefficient 
 

Standard error T-Ratio 

Constant -0.49529 0.17409 -2.8450 

 -0.23065 0.046011 -5.0129 

  23.5333 4.0979  5.7427 

 -18.2094 5.3149 -3.4261 

  17.7695 6.7246  2.6425 

 -35.4736 9.7526 -3.6373 

  50.3706 9.5108  5.2961 

 -29.8487 5.6122 -5.3185 

   8.3036 4.0472  -2.6821 

  -13.4451 5.0129 -2.6821 

   19.5580 5.1434  3.7982 

  3.7790 0.59438  6.3579 

Dummy variable, ,2D for 2001: M1 = 1, 2004 M9 = -1, otherwise zero. 

.111,8051.63,7720.126

,0292.155,7720.138,8838.1,80281.0,57667.0,61929.0 22

==−=

−=−=====

TRRSLL

SBCAICDWRR σ
 

.27058.0:,0075.1:,74617.0:,7903.17: 12112 ==== χχχχ DCBA
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Econometric Estimation of the Forecasting Models  

 

The forecasting of future growth in house prices using the RICS Survey is causally quite different to 

the explanation of expectations in the previous section. Simple reversal of a regression equation in 

these circumstances is not possible. The forward-looking models, however, do indicate which 

dependent and which explanatory variables might be of particular interest. Given the empirical 

information in the two models, the dependent variable investigated was the change ( ) 13 ˆ
−+ =− ttt PPP  

explained by the relevant previous price changes and logistic variables with the same sample period in 

order to allow comparison. In the case of the Halifax representation, the following restricted form was 

estimated overleaf in Table 3: 

 

Table 3: The Estimated Forecasting Model with Halifax Data Set 

Dependent variable: 1ˆ
−tP  

Time Period from 2000 M:10 to 2009 M:1 
Regressor Coefficient Standard error T-Ratio 

Constant  0.00009739 0.0024762   0.039331 

  0.0034804 0.0007612   4.5723 

  1.0924 0.095882   11.3926 

 -0.41008 0. 13012  -3.1515 

 -0.57859 0.12795  -4.5219 

  0.90930 0.14423   6.3002 

 -0.34207 0.14568  -2.3550 

 -0.40305 0.13036  -3.0919 

  0.69820 0.14250   4.8996 

  -0.40057 0.10419  -3.8447 

   0.20846 0.057399   3.6317 

  0.10506 0.051381   2.0488 

.100,01605.0,7950.294

,1640.267,7950.282,9902.1,031528.0,88542.0,89815.0 22

===

======

TRRSLL

SBCAICDWRR σ
 

.044599.0:,1822.3:,0034699.0:,4911.6: 12112 ==== χχχχ DCBA  
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Keeping the same time period and the dependent variable, but substituting in the Nationwide series so 

that a comparison can be made, the restricted form as estimated in Table 4 below. Clearly, when 

comparing the two forecasting models in Tables 3 and 4, it is the Nationwide one that is statistically 

superior. 

 

Table 4: The Estimated Forecasting Model with Nationwide Data Set 

Dependent variable: 1ˆ
−tP  

Time Period from 2000 M:10 to 2009 M:1 
Regressor Coefficient Standard error T-Ratio 

Constant  0.0029339 0.0015058   1.9484 

  0.0022514 0.0006420   3.5071 

  1.0542 0.087823   12.0777 

 -0.86360 0.12083  -7.1473 

  0.81736 0.12450   6.5650 

 -0.80018 0.13322  -6.0065 

  0.69086 0.13417   5.1490 

  -0.24735 0.097854  -2.5277 

   0.40040 0.11748   3.4083 

 -0.23869  0.097206  -2.4555 

.100,0078301.0,8540.330

,8281.302,8550.320,9006.1,009374.0,92284.0,9285.0 22

===

======

TRRSLL

SBCAICDWRR σ
 

.18022.0:,4401.4:,21398.0:,2259.15: 12112 ==== χχχχ DCBA  

 

Allowing its full sample period and taking the lagged values that are near one to the left-hand side as 

part of the dependent variable, with further restrictions imposed on the right-hand side, the following 

empirical model was estimated: 
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Table 5: The ‘Final’ Estimated Forecasting Model with Nationwide Data Set 

Dependent variable: 54211 ˆˆˆˆˆ
−−−−− −+−=Δ ttttt PPPPP  

Time Period from 1999 M:12 to 2009 M:2 
Regressor Coefficient Standard Error T-Ratio 

Constant   0.0033770 0.0015206    2.2208 

   0.0017112 0.0006136    2.7887 

   0.15729 0.064131    2.4526 

 - 0.13272 0.061960   -2.1421 

  -0.76048 0.11206   -6.7861 

   0.69532 0.11635     5.9760 

   -0.32979 0.092700   -3.5576 

    0.48275 0.11852    4.0733 

  -0.31087  0.097332   -3.1939 

.111,0097511.0,8625.360

,6696.339,862.351,8968.1,00977775.0,61302.0,64117.0 22

===

======

TRRSLL

SBCAICDWRR σ
 

.72978.0:,1215.3:,6726.1:,4333.10: 12112 ==== χχχχ DCBA  

 

To make use of this model in Table 5 for forecasting requires the construction of intermediate models 

of 1ˆ
−tP  and  ,ˆ 2−tP clearly signalling the complexity underlying the RICS Surveys, which reflects the 

complicated dynamics of the housing market when it comes to expectation formulations that could be 

the initial trigger of booms and slumps. Thus, policy instruments should be focusing on manipulating 

forward-looking expectations that develop in the housing market. 

 

Policy implications 

 

Policy implications in the housing market are normally analysed within the framework where prices 

are determined in the short term by demand and in the long term by an inelastic supply (Hendry, 

1984). Supply will increase or decrease only to a limited extent in response to the changing effect of 

demand in the short run, but in the long term supply will expand if the price is above the marginal cost 

and will contract if price is lower. Thus, demand and supply will be brought into equilibrium over 

time at a price equal to the long run marginal cost (Holmans, 1990). This process of adjustment  
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towards the new equilibrium position could well take several years given the low elasticity of housing 

supply. 

 

The  traditional instruments used to speed-up this process of adjustment to balance the market  were 

monetary policy via the manipulation of interest rates and fiscal policy, for example giving tax 

allowances on mortgage interest payments, which ended in April 2000.  Recent experience concerning 

the effects of interest rate policy is that, even though the Bank of England base rate stands at 0.5 per 

cent, the mortgage rate charged on the ‘High street’ is much higher with administrative fees on top. 

The standard variable mortgage interest rate stood at 3.95 per cent on the 30th of June, 2009, as 

measured for a composite of Banks and Building Societies, which is 7.9 times bigger than the Bank’s 

base rate 

.  

A further complication concerning monetary policy is that, it is set to achieve wider macroeconomic 

goals such as inflation, which not necessarily consistent with stability in the housing market. 

Furthermore, the inflation rate as measured by the European harmonised index of consumer prices is 

selected as the target variable on which the Bank of England generally focuses its attention. By 

definition, this index excludes housing costs, including important factors that cause fluctuations in 

house prices such mortgage payments. In the case of the supply, government policy has largely failed 

in subsidizing construction of new stock, given the recession.  

 

Given the analysis and the empirical evidence found in this paper, the missing link for policy is to 

influence forward-looking house price expectations. Expectations of falling prices are important for 

suppliers because they have choice of whether or not to trade. If sellers do not receive offers at the 

prices they think they should get, their first reaction is to wait: the volume of transactions falls and so 

the actual price level measured continues downward.  At some stage, the difficulties of making sales 

lead sellers to revise their opinions about acceptable and expected prices. This information eventually 

finds its way into the Surveys, and later the actual house price indices.  
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A further distinctive and important influence of expectations is on the terms of mortgage lenders 

because the bulk of transactions for owner-occupation of houses are financed by loans. The volume of 

loans is likely to have a very considerable impact on the market. On the one hand, if expectations of 

falling prices are observed by lenders, they become reluctant to lend and involve themselves in the 

practice of mortgage-rationing with screening devices of credit-worthiness to ‘weed-out’ perceived  

high risk borrowers (Stiglitz and Weiss, 1981). This is discriminating against various groups such as 

the self-employed, even though they are prepared to pay higher interest charges, because they are 

regarded as more likely to default in a period of recession.   

 

 

On the other hand, in the context of expectations that reveal the potential for rising prices, mortgage 

lenders are prepared to make loans to a greater range of borrowers. There is more value of collateral 

with rising house prices, and greater security that loans can be recouped if default takes place by the 

selling of properties by auction. Furthermore, as economic activity in the market picks up, then 

competition between various lenders and the lagged effect of monetary policy will force mortgage 

rates down unless there is informal price fixing to protect profit margins. Also, expectations of higher 

prices will encourage potential purchasers to enter the market. The implications for policy is that price 

expectations should be a focus variable of attention along with the physical volume of mortgage 

loans. The gaps in loan availability at some periods, and dangerous risky lending, for example  

hundred twenty five per cent mortgages, at other times, could be dealt with by appropriate banking 

regulation, and withdrawal of licences to operate from banks and other financial institutions, whose 

behaviour was deemed unacceptable. Normally, policy only addresses the issue of the cost of finance 

rather than the availability of loans (Meen, 2000).  

 

The success or failure of lending policies and their regulation in the U.K. housing market should be 

the subject of public monthly reports by the Bank of England, evaluated in the context of expectations  
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for future house prices indicated along the lines of this paper, from the RICS survey data because it 

indicates cycles of economic activity. 

 

 Conclusions/Summary 

 

The paper has focused on the process of the formation of expectations of house prices underlying the 

RICS Survey. The study suggests that there is a diffusion process, captured by the logistic model. The 

empirical results from the estimation provide evidence supporting the logistic specification. This is in 

line with models of bounded rationality, where decision-making is uncertain, self-fulfilling, complex, 

and costly. The majority of agents follow the few, the alphas of the pack, namely the Chartered 

Surveyors, who may use information provided by estate agents as part of their information set. 

 

The policy implications discussion in the previous section suggests that the expectations of house 

prices could well be playing a pivotal part in the cycles of economic activity, and therefore, the 

forecasting model could be used as an early warning system of forthcoming ‘swings and roundabouts’ 

within the economy. Thus the forecasting model described should influence the Government, the 

Bank of England’s decision over interest rate policy and the Treasury’s choice of fiscal policy. 
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